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5: for i =1 to K do
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7: EFE LKV TVIE Fx(f,1) & Py (s, i) DA
8: 5 & 0Zfkk R (s, k) OFIE.
9: end for

10: end for
// Step 2: V5 R9DHLDEE
11: for i =1 to K do

12: for z; € X; do

13: E# 2 &0 om;,; OFE.

14: end for

15: EH 3 LD IAROBL §x,; DM

16: end for
// Step 3: V325 DEY

17: for each z; € X do

18: for i =1 to K do

19: EH 4 K OIEHEE D(5, k) OFE.
20: end for

21: ko = argkmin D(j, k).

22: X,E:rl) = X,ii;rl) U{z;}.

23: end for
// Step 4: &MY
24: for : =1 to K do

25: XU vy sy 7757 G o,
26: E 6 o Py 2.
27: D — yiFD\p,.

28: end for
29: t=t+ 1.
30: until 7 7 A X DUR.
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