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Graphs are one of the most fundamental data struc-
tures that represent relationships among entities, and
many large-scale graphs are recently available. In this
paper, we present a novel density-based graph clus-
tering algorithm for dynamic graphs. We employed
three key approach for efficient dynamic graph clus-
tering. First, we extract cluster skeleton that sum-
marizes cluster structures at timestamp r. Second,
we incrementally update the cluster skeleton when
the graph dynamically changed its topology as time
stamp 7 + 1. Last, we conduct new cluster structure
from the updated cluster skeleton. By following the
above approaches, our proposed method extract clus-
ters from dynamic graphs without setting any user-
specified parameters. As a result, this paper experi-
mentally confirmed that our proposed method simul-
taneously achieves efficient and highly accurate clus-
tering for the dynamic graphs.
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