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H 9/11 terrorist network | Barabdsi-Albert model

Nodal degree p(d) 4.6 3.7
Clustering Coeff. p(c) 0.60 0.19
Peripherality u(e) 2.6 2.6
Partiality u(a) 0.96 0.91
Gini Coeft. 0.33 0.33

05 000000000000 Barabasi-Albert 0O0O0D0OO0OO0OOO
wdOOODO0O0O00D0O00O0O0oooooooo

coefficient 0 3.20000000009/1100000000D0000O0OO
000000000000 000bO000bO00b0o0bOoobOoooDOon
0000000000000 000000000DO0O0O0O0ODO Barabéasi-
Albert 00 0ODO0OO0ODOOODOODDOODOODOOOODOODDOO
[Albert 2000|000 00000000000 DOOOOOOOOOOOO
[Adamic 2001)0 00O

9/110 0000000000000 00000D0D0O0O00O clustering
coefficient 0 0000000000000 OODODOO[Klerks 2002) 000
00000000009/1100000000 00 center-and-periphery O
000000 cluster-and-bridge 0 D O O O OO BridgeU OO OO OOO
0000000000000 00000O0BridgeOODDODOOOQOQoOO
0000000000000 00000000O0O000O0O0O0oY/110
0000000000000 ooooboboooooooooooooon
000000000 DOO0000oOoO0o0o0oooobOooooooooa
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©n00000,0000000000000000000000000
000000000000000s(z)€[0,1]0000000 (33)0000
O Os(+1) =0.5+0.230s(+2) = 0.5+0.380 00 00 0 O peripheralityD
000 partiality 00 00000000000010000000000
000

Ra(i) = R.(i) = S(M), or Ra(i) = S(W). (32)

s(z) = 1+1€x:;(1~|—tanh(§)), O<s@)<1).  (33)

O000000000Onodal degree O clustering coefficient 0 0O 0O 0O O
OO000O00bOOo00ooOoobooobboooooooobooboboooboog
0000000000000 00000000000000oooo (34)
O00000D0DO0 degreeDd OO clustering coefficient 0 0 00000 O
Ooooooilgoooboobooooooooooooooooboooon
OO000O00ODO0DbOO00O00bOO0DOO0obO0bO0oDOOobOOoOobOoDOoDo
O000000000000000000000 (global-to-local relevance

ratio) 00 (35) 000000

(i) = R = s o iy = (D)

R (i
Ryo(4)

~—
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goboboboboobboboodoooooooobobobbooenn
O000R./R.0 R,/R.OODDODODOOODODODODDOOODDOODOOOO
O000000000000000000000000R,/R. 000000
01900 150 (79%)0000000000R,/R.000160 (84%) O
00000 [Morselli 2007] O O O O O betweenness centrality O closeness
centralities 1 0 0140 (74%)0 130 (68%) 0 O O O O O Nawaf Alhazmi,
Mohamed Atta, Hani Hanjour 0 00 30 0000000000000
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0O0R,/RO000000000C0CDO00O0OOOOOO0O0OOOOO0O
000000000000000000000000700000000
00000000000000000 1000000000000 RO
R,O0000000000000D000000000000N000000
00000000000000 200000000000 R.0R,, 00
0RO0D0D0D0O0OODOD20000000000000000000
00000000000000
0000000000009/11000000000000000OCluster-
and-bridee 0100 000000000000 00 bridee 0000000
00000000000000000000000000000000
000000000000000000000000000000000
0000000000000000000000000 10000000
O00O00bridee 0000000000 2000000000000 bridge
00000000000000 2400000000000000000
0D0000000000000000000000000000000
0000000000000 000[Popp 2006) 00Al Qaeda0 0000
0000000000000000000000000000
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Name Local Global Ratio (ranking)

Rd ‘ R, Re ‘ R, Re/Rc ‘ Ra/Rc
Nawaf.AlhazmiQAAT77 0.83 | 0.23 | 0.86 | 0.86 || 3.74 (1) | 3.74 (1)
Mohamed.Atta@AA11 0.96 | 0.27 | 0.89 | 0.82 || 3.26 (2) | 3.00 (3)
Hani.Hanjour@AA77 0.83 | 0.27 | 0.83 | 0.69 || 3.11 (3) | 2.60 (4)
Marwan. AL-Shehli@AA175 || 0.04 | 0.30 | 0.82 | 0.36 | 2.76 (4) | 1.23 (15)
Hamza. Alghamdi@AA175 || 0.60 | 0.28 | 0.62 | 0.58 || 2.21 (5) | 2.08 (10)
Mohand. Alshehri@AA175 || 0.32 | 0.15 | 0.32 | 0.56 || 2.11 (6) | 3.66 (2)
Ziad.Jarrah@UAO3 0.83 | 0.38 | 0.78 | 0.56 || 2.08 (7) | 1.50 (13)
Mustafa. A Al-Hisawi 0.46 | 0.32 | 0.66 | 0.78 | 2.08 (8) | 2.46 (7)
Salern. AlhazmiQAA77 0.38 | 0.32 | 0.66 | 0.78 | 2.08 (9) | 2.46 (6)
Saced. AlghamdiQUA93 0.60 | 0.32 | 0.65 | 0.72 || 2.03 (10) | 2.26 (9)
Abdul.A.Al-Omari@AA11 0.38 [ 0.32 | 0.63 | 0.81 || 1.98 (11) | 2.54 (5)
Ahmed. Al-Haznawi@UA93 || 0.38 | 0.32 | 0.58 | 0.74 || 1.83 (12) | 2.32 (8)
Fayez. AhmedQAA175 0.38 | 0.32 | 0.52 | 0.55 || 1.62 (13) | 1.74 (12)
Ahmed. Alghamdi@AAL75 | 0.32 | 0.15 | 0.22 | 0.31 || 141 (14) | 2.03 (11)
Waleed. Alshehri@AA 11 0.46 | 0.22 | 0.31 | 0.30 || 1.36 (15) | 1.34 (14)
Ramzi.B.Al-Shibh 0.73 | 0.51 | 0.62 | 0.30 || 1.22 (16) | 0.59 (30)
Lotfi.Raissi 0.53 | 0.57 | 0.65 | 0.48 || 1.13 (17) | 0.84 (20)
Said.Bahaji 0.67 | 0.58 | 0.60 | 0.34 | 1.03 (18) | 0.59 (31)
Khalid.Al-Mihdhar@AA77 || 0.46 | 0.55 | 0.55 | 0.49 || 1.00 (19) | 0.90 (18)
Nabil. Al-Marabh 0.46 | 0.32 | 0.27 | 0.19 || 0.83 (20) | 0.60 (28)
Rayed.M.Abdullah 0.46 | 0.43 | 0.35 | 0.26 || 0.82 (21) | 0.60 (29)
Zakariya.Essabar 0.53 | 0.76 | 0.57 | 0.44 || 0.75 (22) | 0.58 (32)
Agus.Budiman 0.46 | 0.76 | 0.55 | 0.49 || 0.73 (23) | 0.65 (25)
Ahmed. AlnamiQUA93 0.38 | 0.76 | 0.53 | 0.73 || 0.70 (24) | 0.96 (16)
Mounir.E.Motassadeq 0.46 | 0.76 | 0.53 | 0.49 || 0.70 (25) | 0.65 (26)
Mamoun.Darkazanli 0.38 | 0.76 | 0.52 | 0.55 || 0.68 (26) | 0.73 (22)
Zacarias.Moussaoui 0.32 | 0.76 | 0.45 | 0.57 || 0.59 (27) | 0.75 (21)
Ahmed.K.I.S.Al-Ani 0.26 | 0.76 | 0.43 | 0.64 || 0.57 (28) | 0.84 (19)
Abdussattar.Shaikh 0.38 | 0.76 | 0.40 | 0.54 || 0.53 (29) | 0.71 (24)
Osama. Awadallah 033 | 0.76 | 0.40 | 0.54 || 0.53 (30) | 0.71 (23)
Mohamed. Abdi 0.26 | 0.76 | 0.37 | 0.69 || 0.48 (31) | 0.90 (17)
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Type Local Global Ratio

1(Ra) [ p(Re) | p(Re) | (Ra) | p(Re/Re) | p1(Ra/Re)

Hijacker 0.53 0.37 0.54 0.55 1.8 1.86
Type 1 conspirator || 0.49 0.44 0.65 0.63 1.61 1.65
Type 2 conspirator || 0.42 0.67 0.43 0.44 0.67 0.65
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Rate of retrieved data to whole data

S o = S
[[B991 JO UOISIONI]

O 25: Mustafa A. Al-Hisawi OO0 00000000000 O0OODOOO
000000000000000 p00000 r0(a) p using Ly, (b) 7
using Iy, (¢) p using Iy, (d) 7 using Iy, (e) p using I, and (f) r using
L. |(f=4and t=08. 0000000000000 0O000O0DOOO
goouoooooooooad

80



Rate of retrieved data to whole data

o o o o
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0.8

(d)
0.4
Rate of retrieved data to whole data

(g)

0.2
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(f) Osama Awadallah, and (g) Raed Hijazi. |c¢| = 4, t = 0.8, and Iy is
used.
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’ Cluster H Keywords for the member persons

1 Fashion, trendy, lowbrow, imitation

Health, brave, independent, non group-oriented

Commonsense, balance

Cheerful, hidden abnormality

D

Autonomous, scholar, abnormal, dark

Premature, growing, talent

QO | O = | W[ N

Calm, adult, businessperson
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Scenario H Proposability | Unnoticeability | Growability | Total

a Moderate Moderate Bad Bad
b Good Moderate Moderate Moderate
c Good Good Moderate Good

O 9: Evaluation of the three scenarios.
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’ Cluster H Interpretation of tasts indicated by the cluster | Keyword

1 colorful, oriental, symbolic soul

2 transparent, sky-high, clear, calm peace

3 wonder, paranormal, ghostly genius

4 abnormal, grotesque false genius
) stirring, uplifting, boiling, radical oppression
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’ Evaluation item H Score ‘

Number of triggers whose identity is inferred (Y;) 12
Number of triggers whose identity is agreeable (X;) || 10
Rate X;/Y] 0.83
Number of invented scenarios (Y3) 18
Number of scenarios which are agreeable (X5) 14
Rate X5 /Y5 0.78
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000000000000 DO0000D00000 USClassOOOO0O0O
000000000000000000000000 USclassOD{O000O
0000 }0000USclass0000000O0O0O0O0OOO0OOODOOO
0000000000000 D0000 USclassOOO0ooooooooo
gbdooooodo 4200000000 ooouooooao
gbooboouotooooodouobootuouooooouoooogo
0000000 DE,00US class 00 0 706/50: knowledge processing
system /having specific management of a knowledge 0 0 00000000
0 DEs 0 0US class0 0 0706/59: knowledge processing system /creation
or modification 0 0 O 00O

000000000 United States Patent and Trademark Office (USPTO),
Patent Electronic Business Center, Patent Full-Text and Full-Page Image Databases
http://www.uspto.gov/patft/index.html
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00000000000 0000000DDO DEw,DEs0O0ODODOOO
0000 000 5805776 0 (OO Device for automatic generation of
a knowledge base for a diagnostic expert system (1998))0 5598511 O
(0 O Method and apparatus for interpreting data and accessing on-line
documentation in a computer system (1997))0 0000 ¢; 0 00O 5504840
0 (00 Knowledge acquisition support system and method in an expert
system (1996)) 00 0000000000B2000000000000
ooo

B.2 O00dooood

O0000000000000000000000000000 (claim)
OO00D0000D0D000O0o0ooooooDooooooooooooo
0000000000000 000D0DO0000D0DDO0D0 58057760
55985110 00 5504840 0 000000 00ODOOOOOOOOOOODOO
0000000000000 000O00DO0DO0DO0DO0D000DOOo0oOO
OO000000000O00Os076ed0 0000000 Oo0oooooon
00000000

A device for building the knowledge base of an expert system, which di-
agnoses a technical system comprised of modules, the device comprising:
computer (Kb-builder) having reading access to a first memory (KM) and
to a second memory (Conf) as well as having at least intermittent writing
access to a third memory (Kb), and information about the technical sys-
tem, about its malfunctions and about its diagnosis, the information being
stored in the first memory (KM), the information comprising: for the type
to which the technical system belongs, a knowledge module, which contains
all necessary information about the internal design of a technical system
of this type as well as information, when needed, about the malfunctions,
remedies, and tests in a technical system of this type, and for each type
of module, which occurs at least once in the technical system, a respec-
tive knowledge module, which contains all necessary information about
the internal design of a module of this type as well as information, when
needed, about the malfunctions, remedies, tests, and results in a module
of this type, wherein in the knowledge module for the type to which the
technical system belongs, information is contained as to which roles, that
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18, which subfunctions must be filled by an assignment of a module, that
18, which subfunctions must received an assignment of a module, so that
the technical system can fulfill its standard function, wherein for each
type of composite modules that occur in a technical system of the type,
information s contained in the knowledge module for this module type
as to which roles must be filled in a module of this module type so that
the module can fulfill its standard function, wherein for each role in the
technical system and each role in each composite module in the technical
system, information is available as to which module fills the role in the
technical system or in the composite module, wherein the configuration of
the technical system is stored in the second memory (Conf), and wherein
in the third memory (Kb), a knowledge module for the technical system
15 created as a copy of the knowledge module for the type to which the
technical system belongs, for each module in the technical system, a sep-
arate knowledge module is contained as a copy of the knowledge module
for the type to which the module belongs, and wherein each thus-formed
knowledge module for a module corresponding to the role that the module
plays in the composite module in the technical system is combined with
the thus-formed knowledge module for the composite module or for the
technical system.
O000000000000000000000000000Oby={device,
build, knowledge, base, expert, system, diagnose, ...} 00000000
O0ooboOoooobooobouoobD 430000
0WOooOooOOoooooooOo 300000 ooDooobooboooon
O000000 ¢ 000000D0000D00D00D0ODO0O0 ¢4, ¢, c3, 4,
c,cs 00D 00D0O0OD0ODO0OO0ODOODOOODOO0ON ¢9, ;00000
000000000000 00000000O00DbO0oDOO0oDO0ObDO0ODOO
0000000000 0o0ooOo0obOoooooD le00o0n0Oon
00000000000 bO0DbOO0DbOOobOOobODOooOooOOobOoobDoog
000000000000 bO00O0bOOo0o0Oo0DbO0ob0 s0bOoOoo
O00D0D000000000000D00D00 ¢, ¢, ¢3,¢5, cs000
0000000000000 (dense dark events 1) D0 0000 OO0
0000000000 DO0D0O0000D00D0OD0O0000D00 ¢, cs,
6, ;000000000 0O0000OO0 (dense dark events 2) 0000
OO00DO00O00O0bO0bO00000O0bO0oDO0oD0obOO0bOoDbOoOO
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’ Cluster H Interpretation (keywords)

Co correct, check, logic, query

c3 interpret, execute, apply, implement, rule, user
Cy4 support, store, significance, magnitude

Cs replace, compare, select, produce, repeat, fact
Ce learn, infer, identify, reason, text, document,

multimedia, graphics

Cy diagnose, extract, frequency, occurrence, rate,

cost, knowledge base

016 000000000000000 ¢, ¢3, ¢4, c5, ¢, ;00000
00000000000000000

gobobbbbodoooooobbbbooooooooboobooobo
gobbobbobouooooooobbbbobbooooooobbobn
gobobobobboooooooobbobobbodooooooboobooobo
gbooboooon

1. Enhance learning by replacing facts with the aid of interpretation
of queries on expert knowledge (= dense dark events 1).

2. Assign significance to knowledge inferred from multiple information
(texts, documents, multimedia, graphics, etc. based on diagnosis by
cross-validating knowledge (= dense dark events 2).
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gobbbobbobouoooooobbbbobboduoooooobbob
gouodgbuboobobbooooboobbobbooboobobo
000000000000000000000000TRIZ [0O 2004]0
O0000Taguchimethod DO DO OODO0OOOOOODOOOODOOOO
000000000000000000000 (000000 200300
gobobbobobbdoooooobbbbbuoooooooobooboon
gbuogdbuodgbogbbobbobobogbuooboooboobo
O000000000000000000000 00 2006000000
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