©
2018 2020

A Study on Automatic Indexing Based on Textual Mentions to Geographical Location
in Story Archiving

INUI, Takashi

3,300,000

This_research project aims to develop a document retrieval technology by
geographic location by indexing geographic locations mentioned in the document contents. The main
research results are as follows. (1) We developed a deep learning-based geographic name extraction
model that is especially robust to unknown words by using word information in documents and image
information corresponding to words. (2) We developed a model for identifying the real-world
geographic location of place names (place name disambiguation) based on word distributions with data

expansion focusing on address hierarchy. (3) By integrating the above models, we have developed a
technology to automatically identify geographic location information required for indexing
geographic locations mentioned in document contents with a certain level of performance.
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Bi-LSTM-CRL

Model Prec. Recall Fl
Baseline 8733 8947 8838
Visual (Simple) 90.20 87.78 88.97*
Visual (Gate) 80.33 90.01 89.67**

(City )
Model Precision Recall F1
Seen Baseline 84.99 79.29 82.04
Visual (Gate) 90.07 (+5.08) 80.05 (+0.76) 84.77 (+2.73)
Unseen Baseline 68.54 54.95 61.0

Visual (Gate) 75.61 (+7.07) 55.86 (+0.91) 64.25 (+3.25)
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Fk | BERTERER | EARR | EMR | LRI | oL | EL

RANDOM 24.4 222 | 384 1196 0 152
POPULATION 57.0 56.9 | 985 207 388 152
MENTION_COUNT 73.0 62.1 | 1,076 451 53 152
TRIPDL 69.5 69.1 | 1,197 88 295 152
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TRIPDL+ (o =0.6) 51.8 43.1 | 747 785 48 152
TRIPDL+ (o =0.8) 56.9 48.8 | 845 687 48 152
TRIPDL+ (o =0.9) 61.7 54.4 | 943 589 48 152
TRIPDL+ (o =0.99) 74.2 70.0 | 1,212 320 48 152
TRIPDL+ (o = 0.999) 78.2 75.1 | 1,300 232 48 152
TRIPDL+ (o = 1.0) 69.5 69.1 | 1,197 88 295 152
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