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Algorithm 1 DEGREE

Algorithm 2 CORE

Input: 777 G(V, E);
Output: %2777 G'(S, P, o),

1: S« 0

2: Vpum < 0;

3: G +INIT_DEGREE (G);

4: while true do

50 IF2TOJ — RHNERFEA

6: break;

7: S < SUSELECT_WEDGE_DEGREE (G, S);

8: SIZXI—=/ = F™EmEhzzs1E Voum, Epum % T
9: end while

10: P,o % &5,

: return G (S, P, 0);
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15: function SELECT_-WEDGE_DEGREE (G, S):

16: v,w = FHEXI—/ =K,

172 a+ V ORdEHEHITEWAERD ) — F;

18: b+« N(a) FORERBO/NS WAZEIRD / — N,
19: If b = null

20 return {{a,v,w}};

21: ¢+ N(b) HORHEXHMD/NE WREIRD ) — R,
22: If ¢ = null

23: return {{a, b,v}};

24: return {{a, b, c}};
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Input: 7' 7 G(V, E);
Output: %2757 G'(S, P, 0);
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: Voum + 0;
: (A, kmaz) < INIT_CORE (GQ);
: while true do
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break;
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SIZRI—/ =R ¥EmEhrzzs1E Voum, Epum % T
: end while
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—_
R A e AUl > o
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18: If A(k) = null
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27 return ({s1,s2},t);

28: o727 7120zyY s bbb

29: return ({s},¢);

30: S HHREAI— —F2HAVWTY zv VR ERK;
31 return ({s},t);
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Algorithm 3 HYBRID
Input: 777 G(V, E);
Output: E#12° 77 G'(S, P,o);

1. S« 0

2: Vpum < 0;

3: G +INIT_-DEGREE (G);

4: (A, kmaz) < INIT_CORE (G);
5: while true do
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7: break;

8: t < kmazx
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S + SUSELECT_WEDGE_DEGREE (G, S);

(S’,t) + SELECT-WEDGE_CORE (G, S, A, t);

S+ Sus’;

Sz 575 -/ — l\?b‘}EfJDéi’bf: A Li VvDUM7 EDUM %E%ﬁ,
: end while

. P o Z§tH;

: return G/ (S, P, o);
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