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Development of analysis engine for extracting opinions from cross language blog

KUGATSU SADAMITSU,t JUNYA NORIMATSUt
and TAKAHIRO FUKUTOMI *

There has been a recent swell of interest in analysis engines which is the automatic extrac-
tion system of beneficial information in web. Furthemore cross language web corpus have
more information than single language web corpus, in the such of case we need cross lan-
guage analysis engine. We implemented new cross language analysis engines employing the
newest developments and introduce each development in this report. In first is sentiment
analysis based on topic models for extracting topic structures in the document, In second is
phrase-based machine translation system using parallel corpus with free license.
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