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Based on the past research experience of on-line network threat analysis, such as
SPAM filtering and DDoS finding, we have studied 1) a new memory management strategy which is suitable to
be used in on-line network analyzers, 2) relationship between the performance of data mining method and
memory management method.
The results of this study are reported in 1) a reviewed conference paper which propose a new memory
management strategy whose characteristics is the functionality to report its memory management
performance, and 2) another reviewed conference paper which reports an analyzer of browser based DDoS
attacks as an application of developed memory management strategy.
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